Bioinformatics for
structural biologists

Dan Rigden

’&°d UNIVERSITY OF

& LIVERPOOL




Contents

* Predicting contacts from sequences using
evolutionary covariance

* Bioinformatics for MR
* Predicting domain structure
* Informs phasing strategy, but also relevant earlier

* Predicting tertiary structure

* Homologous relationships identify search models for conventional
MR

e AMPLE does unconventional MR with ab initio models etc
* Predicting quaternary structure

e Bioinformatics for structure-based function
prediction

* Using newer/less well-known data
e Majoring on easily available servers/predictions

PREDICTION OF
STRUCTURE

PREDICTION (AND
EXPLANATION) OF

FUNCTION



>target_seq (s)

GYYELYRRSTIGNSLVDALDTLISDG
RIEASLAMRVLETFDKVVAETLKDNT
QSKLTVKGNLDTYGFCDDVWTFIVKN
CQVTVEDQSVISVDKLRIVACNSKKS

Multiple Sequence Alignment
of homologous sequences
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.. .KDNTQSKLTVKGNLDTYGFC. ..
.. .KDNTQSKLTVKGNLDTYGFC. ..
.. . KNDANTAKLKLTFKGDLDTY. ..
.. .RENTQSKLNVKGLLDTYGFC. ..

. .KNENIVGKSKLIFKGDLDTY...

. .KHESNIAKSKLTFKGDLDTY. ..
.. .KNESGISKSKLTFKGDLHTY. ..
.. .KDNTQSKLTVKGLLDTYGFC. ..

. .KSESGIAKSKLTFKGDLHTY. ..
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.. .KDNTQSKLTVK NLDTYGFC...
.. .KDNTQSKLTVK NLDTYGFC...
.. .KNDANIAKLKL FKGDLDTY...
.. .RENTQSKLNVK LLDTYGFC...

. .KNENIVGKSKL FKGDLDTY...

. . .KHESNIAKSKL FKGDLDTY...
.. .KNESGISKSKL FKGDLHTY...
.. .KDNTQSKLTVK LLDTYGFC...

. .KSESGIAKSKL FKGDLHTY...
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Applications...

Direct Coupling Analysis of
large MSAs plus Deep
Learning predicts contacts




>seq
FASDGITEF
DRSLFFGH

>seql
FASDGITEF
DRSLEFFGH

>seq?’
NMHKLSDF
PLSERWAQ

v

Submit Sequence fof

.........................................

S -
< T
= [
e~
.... . p’ f T, .

Intramolecular
contacts

Intermolecular
contacts if a
homooligomer

Intermolecular
contacts

[currently only
really reliable for
bacterial proteins in
operons]

ConKit can be used to visualise, analyse and convert contact predictions
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Simple predicted contact maps
supplemented recently by distograms

Residue 1D

Gao et al (2019). Sci Rep 9, 3514
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Specific value of predicted contacts

e Structures unknown
* Predicting domain boundaries (ConKit)

* Making better ab initio models for MR, locally or at a
server (AMPLE)

* Work with new generation ab initio models from
databases (MrParse; AMPLE)

e Structures known
* Predicting how proteins interact (EVdock, Rosetta)
 Validating the content of your crystal structure

* (Predicting functional sites, highlighting conformational
states)



Domains and tertiary structure

Which part to express for crystallisation?

Which parts of your crystallised protein might enable phasing
by MR, or experimentally?



Recognising folded domains in
your sequence

* How novel is your protein target? Recognising
distant homology might make it less (or more!)
Interesting

* You might get extra ideas about its function to
guide lab experiments, co-crystallisation, phasing
(eg metal-binding sites)

* You might find the whole protein will not
express/stay soluble/crystallise etc and want to
deal with only part. You might well design construct
to exclude disordered regions anyway.

* You might want to parse your protein into domains
to explore different MR strategies




Recognising domains by
nomology with PDB, SCOP, CATH

* (PSI-)BLAST against the PDB might do it

Edit and Resubmit Save Search Strategies » Formating options & Download Youllfl) How to read this page Blast report description

splq5i8r5| (257 letters)

RID
Que_rv_lD gll746816461spl0——— ————— — —— = - = ;
Description Typsinlkeserne  [RINownload v GenPept Graphics

Molecule type amino acid
Query Length 257

014 (Expires on 03-31 21:44 pm)

Chain A, Human Hepsin Protease In Complex With The Fab Fragment Of An Inhibitory Antibody
Sequence ID: pdb|3T2N|A Length: 372 Number of Matches: 1

Other reports: ® Search Summary

Lo » See 1 more title(s)
(=) Show Conserved Domains
. | Range 1: 84 to 355 GenPept Graphics
b claarere 01 Score Expect\Method Identjifes Wositives Gaps
::“‘::_'l‘i:: 142 bits(351) 6e-39 C(ompositional matrix adjust. 99/231(35%) 1110/281(49%) 38/281(13%)
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Query 1 ML S TLS - - - - - - -- LGLVTANYKLEKLPSGRIVGGYEVTMNGEOYRWIASLEYYGSHT 52
+LL +H4+5V L + + KLP RIVGG + T ++PW SL ¥ G+H
Ssbjct 84 QRLLEVISVCDCPRGRFLAAICQDCGRRKLPVDRIVGGRD-TSLGRWPWQVSLRYDGAHL 142
Mous
Query 53 CGGTLYNEKTIISAAHC----------- MNIGSTSAWSASVHRHDLMEKAEKESGSNHKII 181
CGG+L +  +++AAHC +++ ASH L +A
Sbjct 143 CGGSLLSGDWVLTAAHCFPERNRVLSRWRVFAGAVAQASPHGLQLGVQAVVYHGGYL--- 199
Query 102 ERISHPQYDLN-DDSSNDVSVWKIAAPGNKT---SGIVLDSGKVSSEDGTLLKVIGWGTT 157
P D N +++SND4+++ +++P T +L+ + DG+ VGWGT
Sbjct 2800 ----- PFRDPNSEENSNDIALVHLSSPLPLTEYIQPVCLPAAGQALVDGKICTVTGWGNT 254

Query 158 TSGGDVSKVLLEVKVPVFNIDKCKKA--YSTLDTASQFCAGYPEGGKDSCQGDSGGPIFI 215
B install-jalview.exe "H G +VLE+P++DC A Y FCAGYPEGG D+CQGDSGGP
Sbjct 255 QYYGQQAGVLQEARVPIISNDVCNGADFYGNQIKPKMFCAGYPEGGIDACQGDSGGPFVC 314

Query 216 EEKGVAT----LVGVVSWGRGCALKGYPGVYTRVSKVLDFI 252
E+ T L G+VSWG GCAL PGVYT+VS ++I
Sbjct 315 EDSISRTPRWRLCGIVSWGTGCALAQKPGVYTKVSDFREWI 355



Recognising eg PSI-BLAST
domains by
homology with

PDB, SCOP,
CATH

* Harder cases require
a more sensitive tool.
| recommend HHpred.
Used by MrBUMP to
find homologues to
use as search models

Lawrence Kelley
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HHpred tips and warnings

* Probability (0-100) is generally a good guide....

* ...but statistics can mislead for unusual protein sequences eg
coiled-coil, low-complexity, Cys-rich

e Consider if the match makes biological sense!

* Look at the matched region
* |s it a complete domain/structure?
* If partial, could it reasonably fold?

* Can make reasonable homology models too

* |f your query contains multiple domains, ‘zooming in’ on
particular regions can improve scores and show results not
previously seen since

* Score contains an element favouring similar lengths

* Only 250 results are shown: can easily get this number for a common
domain, making other results invisible!

* MrBUMP can search for MR search models with HHpred,
most easily at CCP4 online or CCP4Cloud



Recognising matches to domains in
sequence databases, Pfam, Smart etc

 HHpred is also an excellent, sensitive way to search
against these. The same rules for interpretation apply.
Matches, even distant ones, can obviously shed light on
function

* However, for structural purposes need to remember
that
* Many Pfam families don’t have structures so that domain
limits are much less precise.

* Many examples where a structure redefines previous Pfam
sequence-only domain boundaries

* Large Pfam entries especially DUFs often turn out to have
multiple structural domains

* Pfam entries for repeats sometimes contain multiple copies



Color key for alignment scores

40-50 80-200 >=200
I | 1 |

And if the domains
can’t be matched?

* ab initio approaches to
domain boundary
identification

 BLAST matches in sequence ——
databases. Domains are often
found in different

combinations :
. Se CO n d a ry St r u Ct u re p atte r n ./ IRLMIINDAGSPDISSRKNLKVNSDGSIDVYYGPKPVKGYENNWVI

PSI-PRED or Jpred4 (faster
server)

« Domain guess by size (server
defunct) T : r \\5;‘11
* Contact predictions (ConKit) S

T T T T T T 1
o] 100 200 300 400 500 600
Domain length



residue number

contactdensity T

Predicted contacts for defining domains

 Domain boundaries required for individual expression in vitro
and helpful for fold recognition and modelling in silico
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into stable structured domains. ID proteins

Intrinsic disorder prediction

Not all proteins and protein regions fold

and regions will not crystallise (alone)

There are many predictors, all performlng

roughly equally well

| recommend IUPred (fast) and
MetaDisorder (slow but good)

Can also look for short interaction motifs

in ID regions (ANCHOR, SlimPred)

= ANCHOR2 = [UPred2 (I
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ab initio models and MR



Building ensemble search models with ::2‘§ AMPLE

ab initio side chains
models
(ROSETTA/

QUARK)

http://www.cs.ucl.ac.uk/staff
/D.Jones/t42morph.html

(SPICKER)

cluster :; truncate { cluster :
i  (THESEUS) i(MAXCLUSTER);

Bibby et al. (2012) Acta Cryst D68 1622

up to 180 ensemble
search models

MrBUMP

Phaser

ShelxE

| Buccaneer

and/or
ARP/wARP




ontact predictions improve local and server ab initio models
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@ C-QUARK: Contact Assisted Ab |- X+

Home

Online Services
I-TASSER
QUARK
LOMETS
COACH

MetaGO
MUSTER
CEthreader
SEGMER
FG-MD
ModRefiner
REMO
DEMO
SPRING
COTH
BSpred
ANGLOR
EDock
BSP-
SAXSTER
FUpred

ThreaDom

M

ThreaDomEx

EvoDesign

& zhanglab.ccmb.med.umich.edu/C-QUARK/

COFACTOR

@ Vol ooy

UNIVERSITY OF MICHIGAN

Research coviD-19 Services || Publications People Teaching || Job Opening News.

Forum Lab Only

[ C-QUARK

Contact-assisted Ab Initio Protein Folding
C-QUARK (stands for ‘Contact-assisted QUARK) is & new method for ab initio protein structure prediction. As the name indicates, C-
QUARK is extended from QUARK but significantly outperforms the latter by the integration of deep-learing based contact-map
predictions into the fragment assembly simulations. C-QUARK eontains three consecutive steps: First, multiple contact-maps are
predicted by ResPRE and NeBcon, Second, QUARK-based replica-exchange Mante Carlo (REMC) folding simulations are performed
under the guidance of a new 3-gradient contact potential. Finally, structural conformations generated in the REMC simulations are
submitted to SPICKER for decoy selection, with final atomic models constructed and refined by ModRefiner and FASPR. C-QUARK
participated (s ‘QUARK) in recent community-wide CASP12 and CASP13 and was ranked one of the best server methods for ab
initio (or template-free modeling, FM) in the experiments. File format of predicion results can be found at the Help Page. For more
questions, please post them at our Discussion Board

C-QUARK On-Line (View an example of C-QUARK output)

Cut and paste your sequence (in FASTA format, less than 500 residues. Example input

Or upload sequence from your computer.

Choose file | No file chosen

Email: (mandatory, where results will be sent to.)

ID: (optional, name of the protein}

» Advanced antions [21

models.tar.gz

i2, Cloud, CCP4 online,
command line




Using ab initio, contact-driven
models from databases

GREMLIN metagenome repository * PConsFam database

Models for 614 Pfam families (predicted ° Models for 13,617 Pfam
: : families
high quality)
* Single best model per family

_ _ "~ * Scored according to predicted
Scored according to predicted reliability  reliability

30 best models per family, or single best

gremlin2.bakerlab.org/meta.php ® pconsfam.bioinfo.se

Pfam and InterPro plan to integrate
models made this way

Ovchinnikov et al. (2017) Science 355 294 Michel et al. (2017) Bioinformatics 33 i23



AMPLE results with GREMLIN database deposits

5X)5 5CA) 5CUO 5AZB
36% seq ID 2 mol/asu Solved from cluster 2 Required significant truncation

&%7\

S8 5
/

» Targets
e 1-12 mol/asu,
« 1.5-3 A resolution,

5MLZ
355 residues,
123 residues in
search model

* 62-1836 residues,
* 36-100% sequence identity 0.9}
to modelled protein o
» 9/27 succeed 01
* 1-3 mol/asu, S 0. ]
* 1.5-2.9 A resolution, : T ]
* 109-355 residues,
* 36-100% sequence identity .
to modelled protein) 03 i
0.2

500 1000 1500 2000
Target Chain Length (residues)

Simpkin et al. (2019) Acta Cryst. D75, 1051



GREMLIN

PCONSFAM

AMPLE working on ab initio model
database deposits

Simpkin et al. (2019) Acta Cryst. D75, 1051



VirParse collects info relevant to MR

Diffraction information e.g.
pathologies from Phaser

MrParse Homolog Search

Version: 0.1.8

This is the alpha-release of MrParse: a program to find and analyse search models for Ci ic Molecular The program is being developed by Dan Rigden's group at the University of Liverpool.

An additional Table highlighting models

For more infarmation about MrParse, please

MrParse is currently under development and

HKL Info

[name | Resolution|Space Group Has N¢
[3dey-sf 1.75 212121 false

Homol |

s in silico predictions

4emb_D

available in databases will be coming soon

Protein features relevant to

MR strategy choice:

secondary structure

“'Pred3), TM helices
lopcons) and coiled-coil
Deepcoil)

|

jansD \Model IdentlfierHCoordlnates urlHProvlder ||Created Seq. Ident.

Coverage Qmean Average Local Score| -

76 PFO0300.19 | PF00300.19 IPconsFam| 16-Jan-2017 100 |70 -6.6
1hZe_A_ -

[1v37_8_1 [1v37 [1.90 3 [10-144 [133 1126 [14032.01 0.991 |0.37 ‘—amm_
[3e90_8_2 |3e94 |2.00 4 186-268) 81 494 (952101 1.021 0.35 Ii-

|40di_ D_1 |40di |2.60 s 6118 111 82.6  [12447.07 1.021 0.35 e
3kik_D_1 | 3kkk |2.08 5 8108 |99 816 [11524.19 0.976 0.38  — 1 ————————
Svve_B_1 |5wve [1.70 5 8-118 [109  91.5 [12742.52 1.006 [0.36 — A ———————————
3d8h_B_1 3d8h 2.01 s (6-109 102 7.7 |11881.49 1.053 033

|5um0_p_1|5um0|1.85 5 110-103 |92 71 110770.23 0.976 0.38 —— 1111 | S———)

1ghf B 1 |1ghf |1.70 5 10-108 |97 67.2  [11391.97/1.021 0.35
[3pgm_8B_1|3pgm | 2.80 5 10-107 [96  64.6  |11158.65 1.021 |0.35 — 1 ————

1e58_A_1 1e58 1.25 5 12-107 \94 56.4 10980.34 1.053 0.33

[3r3k_B_1 |33 [1.75 s [11-114 (102 814 [12868.58/1.102 0.3 - »

|ae0s_a_1 4e09 2.45 5 10-106 |95 53.3 |11285.86/1.085 [0.31 _

i D_1 i 1.70 s 9111 101  48.6 [11665.18 1.136 |0.28 — S —

|6nru_t_1 |6nru (2.50 s 10-76 |65 46.2  [7353.57 1.069 0.32 — | —

laij5_B_1 |45 |1.50 5 110-110 |99 58.9  |11084.74 1.053 033

3r7a_B_2 |3r7a ||1.84 6 183-213 29 9.855723012.76 | 1.085 0.31 — 1 ———

laodi D_2 |dodi |2.60 6 195-212[16 2.59048(1945.35 0.932 0.41 | —— N ———

3kkik_D_2 |3kkk 2.08 6 196-212 15 1.93261(1806.19 0.991 0.37

[1hze_a_2 |1nze |1.69 s (196-21417 2.49718(2028.55 0.976 [0.38 (— T E—

;Swe_B_Z Svve |1.70 6 :196-214: 17 2.60219!2097‘49 0.976 0.38

Sortable table of homol.ogs found by
phmmer (or HHpred in the future).
Ranked by elLLG by default

Visual representation of matches,
colour-coded by MrBump ‘domain’



AMPLE working on AlphaFold2 results

* The very best models may not
need ensembling

» 24/30 worked straightforwardly

e A further 3 needed AMPLE
truncation

 AMPLE single structure mode
can
* Truncate models according to the

estimated error in the B-factor
column

« Convert the estimated A error to
a B-factor (borrowing from
Randy Read’s script)

ample -single model <PDBFILE>

—truncation method bfactors /
—truncation method errors

T1030.3.03 A
Solves with 18-44%
truncated versions



... and not forgetting Cryo-EM

N Fully built

ucture Solution
Crystallography

, Fully built
““ R

* MrBUMP repurposed to find and place structures
in Cryo-EM maps

* In the future will be able to place in silico
predictions found with MrParse too



Quaternary structure

Intermolecular interactions



Predicting protein-protein
Interactions

* Relevant to MR eg proteins A and B are cocrystallised
but neither alone solves. An accurately predicted
complex, being larger, might solve

 Many methods predict complexes based on steric
complementarity plus other scoring functions

* Recommendable servers include
ClusPro, the best performing docking method
Haddock, which has a good server with different modes

Each allows inclusion of other information eg predicted
interface residues

Symmetric docking at ROSIE server



Multiple methods in bioinformatics:
B. subtilis IPl docking to protease

Final mode
resembles
other
inhibitors

Several servers,
focusing on
conserved
region

3isy_IPI 62
2sic 69
3qtl 45
Toyv 58
1sbn 41

Rigden et al. (2013) F1000Research 2:154



n=2, ..

ROS' E Sym M etrl C Cn: cycllc Dn: dihedral

docking for oligomers

B s -

* Only cyclic (C,) or dihedral ! £
(D,) symmetry at server 2XQT:C;5  1A6D: D,

rcsb.org

e Clues from self rotation
function may be available

Chi= 180.0

Generate
hexamers




Using predicted contacts to help
predict complexes

Experimental M Inter-EC M Intra-EC/subunit structure
Transmembrane transporter heterocomplex: MetN and Metl

Metl residues MetN residues
50 100 150 200 S0 100 150 200 250 300

gl W Membrane
*.n,; - 20 v g
-

" T 1l - 10 transporter £
B “ o Metl V_:", IJ
- B :
» Metl-MetN complex contacts o T

Membrane 0 =
o
transporter b ots 45 120 2.
L 140 &
w

sanpisal NIoW

ATPase MetN

complex crystal structure

Hopf et al. eLife (2014) 3,e03430.



Fitting to low-resolution envelopes




Structure-based function
Interpretation

What is the biologically relevant quaternary structure?

Where are the functional/catalytic sites?



Validating crystal Ao e w w

.‘o:!::: . e EC1
structure contents e e
»” w
PISA is an excellent general method, TS
but contact predictions help in some - g ,..::':: ; -
cases BEE )
Crystal showed various ways in which o ':'{:s .
protocadherins could interact 500} Zf‘!‘j*' 1
Predicted contacts supported only ol ** €cs
some of the modes e ﬁ-ood

Residue Position

PISA-cov is on the way...

A1 E.C23 C3 EC1 C3 extended Nicoludis et al. (2015) Structure 23, 2087



Some lesser-known structure-based

function annotation methods

* Finding functional sites is based on their being
different somehow to the rest of the protein
surface. Important generic methods are based on

* Shape (castP, ProFunc, PyMOL)
 Electrostatics (PyMOL, APBS)
e Evolutionary conservation (Consurf)

e Less well-known but valuable characteristics are
e Statistics of surface atom ‘triangles’ (STP)

* Probe interaction energetics (ISMBLab)
* Predicted pKa values (THEMATICS/POOL)



Binding sites from statistics

STP (surface triplet
propensities)

13 atom types - 455
triplets

Distribution in binding vs
non-binding sites varies

Designed for small
molecules, works on
PPls, including flat
surfaces

opus.bch.ed.ac.uk/stp



Different probes for different
oinding sites

* Hydroxyl group can
be used to probe for
carbohydrate
binding sites

* Phosphate oxygen
used for binding
sites of
phosphorylated
ligands

ISMBLab SiteHound

ismblab.genomics.sinica.edu.tw sitehound.sanchezlab.org/



heoretical
MICroscopIc
titration

* Computer analysis of a
reliable protein
structure can predict
pKa values for acids
and bases. Residues
with perturbed pKa
values are possible
catalytic residues,
especially if clustered.

™

mean net charge

pKa of
His95 is
atypical
compared to
other His
residues in
enzyme

His95 and
other
residues
with atypical
pKa cluster
at catalytic
site

www.pool.neu.edu/wPOOL/index2.jsp



Multiple methods in bioinformatics:
Structure comparisons of Evf

Reported as
novel fold...

... but in fact
related to Bacillus
toxin structures

Both bind to host
insect membranes

Palmitate seen in
Evf structure.
Matches conserved
region of toxins...

GESAMT is an
excellent CCP4

option S:;‘i'g;”'cr‘er”e' etal. (2009)J. Biol. Chem. Rigden (2009) FEBS Lett. 583, 1555




Some servers Mapping 300

homologues mixes
different activities so

require thought... roifrmationon

binding sites

e Consurf maps sequence
conservation onto a
structure revealing
functional sites

* Excellent, general
method, but results
depend on sequence set But restricting to a
chosen for mapping: single protein family
selecting all or only near .Shfws only pl';‘khs'te
relatives gives different ';ip‘;;‘f;'jg(;” ot
results. Either might be Lepidoptera
more appropriate for

you




..and finally, you’re putting a
manuscript together

Calculating and presenting sequence alighments



Your sequence alignment

* Don’t use ClustalW! It’s 23 years old! Modern
methods like MUSCLE, Probcons and MAFFT are

much better

150 170 180 190 200 210 230

ClustalW misses 1548534 p| PODGSD| PMCL_YEAST/1-487 MRk LML ISK————NLFTGW\/—D\/KLIﬁKGQQ————EAARAGELLKEKKWPIV———L ANTALEKADR
113024420 5p | POB121| GPMA_TREP/1-487 kLW RL-~~-NLETGHT-DVPLBREES - - - EAOEQCRYLOEAGRDFBL ---€

relatively obvious  iil1275161ia0 aak07665 1) /1-¢87  --o---o- WHVE - - - -RRMOGHG -DSPLIEKGRO- - - - BAVRLGKRLEA- -VELAR---I ACTYRGGR--

AFLER -- - -TROYERF-YEPLDROKDK - - - - BHTFIK LUNT TEEWVENK - - - IR
ANTD - - - - QLS GHA- FTPLEARGIE - - - - CAONLHTLLHG- -UFRL- - -WL LR ofARL YL SDRO -
WLD-------- BASDS -VRBLITNGCD - - - -ZBRLMAMILKGOKVETER - LY LEEWCDCLN-
cliePRyFOGoVDNA-NNOLTN0G00AAAAATKLEAMAAAKER TPBL - - LL (OPFVDANPK.
QNLDT-ARYTRTEOR-KTOLADSAL LOAQEAGARLHALTSSNPESPERY LREIGRSFSR
P HITTLLALAATAGLET HARWSSNGLPR - - IBNKTLARLAQOHPYVHLER - --- - - X NQCLSDKTE

]
]
]
P 11\1169587|Sp|P32604|F26_YEAST/1-487TSPDIEN
RHG m0t|f N 1111730554 |sp | P52086 | COBC_ECOL/1-487 - - - -MRL
]
]
]
]

£ di 113183165 | 5p | P76502 | STXA_ECOL/1-487 - ---MQVF
some Or aiverse 112895490 gb |AAC38954.1| /1-487  LELBUDIC
sequenceset“

1115229917 | ref|NP_167168.1] /1-487 KLLPKRII

1116130187 ref|NP_416755.1] /1-487  ---MLARCR

; 260 2/ 280 290 304
. but MUSCLE Jj|2895490|qb|AAC38954.1|/1—537 ----- 00 EPRV GQVDYANNQL 0 GQ AAMATKLEAMARAKEFTRB-LL--L8Bp
. 111730554 |5p | Po2086 | COBC_ECOLT/1-537 --------- ANTE-GLYSG- - -HapTRL ONERTEEHEYSFD-------
gEtS It 111127514611 gb |AAKD7E65. 1] /1-537  —m-mmmmmeeee- KWV E -RAMOG- - -WODSPLIE G MRLGKRLEAVELA------- AL-- AE-TV
311548534 ap [PO0GS0| PMGL_YEAST/1-537 -------- MPKLY EK-NEFRG---WVDVKL ARAGELLKEKKNY ----PR-VL--
3113024420] sp | P9B12L | GPMA_TREPA/1-537 --------- MK LV RL-NLF G———WTDVPL F GES (EQERVLOEAGRD - - --FB-LC--
71116130187 [ refINP_416755. 1] /1-937  --------- PV UFRRARHCORSTNOCLED - ---- KTEL RELGNARSADI ------
3713183165 sp| P76502 | STXA_ECOLT/1-537 == ------- HRHCD! PL NGCD RLAANBLKGOKVE - - - -IE-RY- - LVBP
11115229917 [ refINP_187168. 1| /1-337  ----- G LITAA ~TBOHKTOLTDSAL LAAQEAGARLHA LIBSHBSSPENRYYF

711 11695687 |sp | P32604 | F26_YEAST/1-537 YVMNIREKRKYIWL DsLERGF Ak K LEQLKESAGE - - --INLTY--




Multiple methods in bioinformatics:
Jalview.org

* All these alighment methods and more are
available through Jalview on Dundee servers

[ Jalview 2.9.0b2 - O %

File Tools Vamsas Help Window

| £/ MAFFT Multiple Sequence Alignment of Retrieved from Uniprot =SS X || Average distan..| = | [E) | E2
File Edit Select View Annotations Format Colour Calculate Web Service ‘File View
Original Phosphorylation Site Predictions MAFFT Alignment Order Alignment b http://www.compbio.dundee.ac.uk/jabaws
0 Secondary Structure Prediction > Teoffee with Defaults
FER_CAPAAT-Q7 - A a . -
FER CAPAN/-744 M Protein Disorder > Edit settings and run...
FERY_SOLLCF-144 M R )
QIBUY._SOLTUA-144 M Analysis Run Tcoffee with preset >
FERT_PEA/T-149 I Conservation > i FER1_ARATH
QFXAGE_TRIPRYT-152 M N ‘ Probcons with Defaults A
1 Fetch DB References >
FERT_MESCRFI-748 M ; .
FERT_SPIOLA-147 M Edit settings and run...
FER3_RAPSA/ -G8

Muscle with Defaults

=

FERT_ARATH/1-148
FER_BRANA/MY-96
FERZ2_ARATH/1-148
Q3760 _ARATH{-118
FERT_MAIZE{-150
OB0429 MAIZEA 140, C)

plview for FER1.S...| = | [3] | &2
|A|ign with default settings‘
r‘

Edit settings and run...

Run Musdle with preset

D= < o

Mafft with Defaults

Secondary Structure

Edit settings and run...

Iron Sulphur Contacts Fe Fe Fe
Run Mafft with preset >
Conservation I I ‘ - n n . =
0 66 36 B 3 33 373 MSAprobs with Defaults
Quaiity [ s I m i s 1 I Edit settings and run...

Glprobs with Defaults
Edit settings and run...

Clustal >

.y ; Realign with Clustal
a'r o~

Connection  Citrix Receiver ClustalO

to thymine.l... Realign with ClustalO




Jalview

* Also helps you produce figures like this...

MASR
Ssci
Ssc2
Cig30

MASR
Ssci
Ssc2
Cig30

ZEwu<dn
fr<ae
Qe oa

“KKa<Q

=]
[ 4
Lo

lujc/1-156

1h2e/2-208
1k6m/250-470
le58/1-247
Int4/1-391

1dkq/1-410
1qwo/8-442

lgwo ss

lujc ss

lujc/1-156

1h2e/2-208
1kém/250-470
1e58/1-247
Int4/1-391

1dkq/1-410
Iqwo/8-442

ZwoOow

lqwo ss

lujc ss

Ay oz

fHH®

364

DVGLVSAYLQALTNE
GERFCDVQQRALEAVQSIVDRH
GESMEDLVQRLEPV IMELERQ
139 YAK--LSEKELPLTESLALTIDRVIPYWNETILPRMK
240 LSKLKNG.QDSLFTSP— EVARNVKKPLVSY IDKALVTDRT

GVASVLVISEILPLVGY
LKT

246 LLSLHNAQFYLLQRTP-EVARSRIATPLLDLIKTALTPHPPQK--------=- QAYGVTLPTSVLF IAGEBINLANLGG
269 YNYLQS LGEYYGCRIGAGNPLGPAQGIGFTNELIARLTRSPVQDHTS TNSTLVSNPATFPLNATMYVDFSEIDIMSMVS | FF

o3 B4

o3 B4
118 EPCPGE-wnccecsamasssmmsase TPPMFTTSAIASVTL----DESGNGTFNWQMSPCNLR--------------o
161 BFKBTRL-----cccnmccnaa DHLWSPPYMYGTSVTI IEV----DGGTFHVAVEGDVSHIEEVKEV -==--oonuux

EELPYL-KCPLHTVLKLTP----VA--YGCKVESIYLNVEAVNTHREKPENVDITR

EEILEL-NIPTGVPLVYEF----DENFKPL-KRYYLGNADE | AAKAAAVANQGK - -

QLHDQNERTP I GGK | VFQRWHDSKANRDLMK | EYVYQSAEQLRNADALTLQAPAQR

TLPGQPDNTPPGGELVFERWRRLSDNSQWIQVSLVFQTLQQMRDKTPLSLNTPPGE
347 ALGLYNGTEPLSRTSVESAKELDGYSASWVVPFGARAYFETMQCKSEKEPLVRAL IN-------ooooomommmmm -

85 86
B5 B6
like thi

KRAKFELRKPLVLWSLTLAVFSIFGALRTGAYMLYILMTEKGLEKOQS 97
TRESFSLQRPLILWSFFLAIFSILGTLRMWKFMATVMFTVGLEKQT 102
NREPFQLRGFMIVYNFSLVILSL--=-=-~--- = YIVYEFLMSGWLST 88
NRPALSLRGILTLYNLAITLLSA-======= YMLVELILSSWEGG 94
~-FYNGP----VSKF-WAYAFVLSKAPELGDTIFIILRKQ--KLIF 139
~-YTDDA~-~-~--VVRF-WSFLFLLSEVVELGDTAFIILRKR-~-PLIF 144
DFSNSPEALRMVRVAWLFML--SKVIELMDTVIFILRKKDGQVTEFEF 139
D-SAGEGDVRVAKVLWWYYF--SKLVEFLDTIFFVLREEKETNQITTF 144
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